SWOT Analysis of Generative Al Models

Strengths - internal attributes and resources that support a successful outcome.
Weaknesses - internal attributes and resources that may hinder performance or achievement.
Opportunities - External factors that the subject could leverage to its advantage.

Threats - External challenges that could cause trouble or jeopardize success.
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Earlier Versions of Language Models

N-Gram Model
2010s

Probabilistic model that requires tokenization input to assign probability distribution to predict
next word in a sequence.
Tokenization Inputs:

Unigram N=1- prediction based on individual word probabilities

Bigram N=2 - prediction based on previous one word

Trigram N=3- prediction based on previous two words
Essential in NLP for token “n” prediction and machine translation. Rather than computing entire
word history - discards information outside of token windows - produces approximations on just
a few last words. Purely a statistical model; only counts based; no syntax, no word meaning, no
word knowledge. Out of vocabulary is a common challenge. It is critical to have relevant
training data for worthy output. Any ill-formed texts, falsehoods, nonsensical statements will
render low probabilities.

Recurrent Neural Network (RNN)
2012-2015

Sequential neural network. Processes one word at a time. Ability to handle variable context
length but prone to high latency and memory intensive. Performance is slow.



